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Abstract

Inequality in consumption is a crucial aspect of
economic inequality that takes on distinct forms in
rural and urban areas. The disparity in consumption
between rural and urban areas in Uttar Pradesh, the
most populous state in India, is a reflection of more
profound structural disparities in economic
opportunities, resource availability, and income
distribution. Comprehending these differences in
consumption is crucial for developing focused policy
measures meant to promote equitable development
and reduce poverty. This study uses unit-level data
from the Household Consumption Expenditure
Survey (HCES) and National Sample Survey (NSS)
to compare and analyse the dynamics of consumption
inequality in Uttar Pradesh. The amount, patterns,
and causes of consumption inequality among the
state's rural and urban populations are examined in
this study. Utilising both NSS and HCES datasets, the
investigation captures changes over time and offers
strong insights into shifting consumption behaviours.
The methodological approach is based on regression-
based decomposition analysis, which facilitates a
systematic identification of the factors that lead to
consumption inequality between rural and urban
regions. This method breaks down total inequality
into components linked to specific socioeconomic
factors, such as household size, education levels,
types of occupation, asset ownership, and
demographic traits. The decomposition technique
enables the measurement of each factor's contribution
to the observed consumption disparity between rural
and urban areas. Initial findings indicate notable
differences in consumption levels and trends between
rural and urban populations in Uttar Pradesh. The
regression-based decomposition highlights
education, occupational structure, and asset
ownership as key contributors to inequality. The
comparative analysis across NSS and HCES datasets
provides validation of findings and highlights
consistency in inequality patterns over time. The
study's results offer actionable insights for
policymakers to address consumption inequality

employment generation, and rural infrastructure
development, thereby promoting more equitable
economic growth across Uttar Pradesh.

Keywords: Inequality, Consumption Expenditure,
Decomposition Analysis

I.  Introduction

India’s economic growth rests mainly on
consumption derived demand. As the data released
from Ministry of Finance shows that the share of
private consumption (household consumption and
non-profit organizations) in nominal GDP increased
from 60.2 percent in 2024 to 61.4 percent in 2025,
represents the second highest level in the last 20
years. The better rise in annual growth rate of private
final consumption expenditure due to robust demand
in rural sector. (Monthly Economic Review, 2025)

Government puts more emphasis on
household consumption expenditure, as it plays a
crucial role in fluctuating economic growth. It can be
used to assess the economic health, trace inflation
dynamics, and take monetary and fiscal policy
decisions accordingly. For example, if household
consumption expenditures are growing rapidly and
inflation is continually increasing, the government
will focus on rise in interest rates, which in turn leads
to a slowdown in economic growth. Conversely, if
household consumption spending is weak, the
government can implement fiscal stimulus policies to
increase demand and encourage economic growth
(Madudova & Corejova, 2023).

Consumption is in principle a better way
than income to measure the well-being of
households. A rise in monthly per capita consumer
spending, bridging rural-urban gaps, and declining
consumption inequality indicates a  wider
improvement in standard of living and upsurge in
economic inclusivity. (PIB, 2025) In many debates on
inequality, income or wealth are the most discussed.
However, when it comes to economic wellbeing,
wealth, and income are not the only important
players, consumption is also vital ( Mookodi, 2021).

through tar%eted interventions in education,
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One major failure of the Indian growth trajectory,
especially over the past decade, has been the sharp
increase in inequality that has meant that the benefits
of increased aggregate income accrue to a very small
section of the population, say around 10-20 per cent
at most. The stagnation of real wages (and even
declining real wages for some workers) in an
economy growing at 5-7 per cent per year, even as
assets and income of the top decile of the population
have skyrocketed, is one potent indicator of this
disparity (Chandrasekhar, 2024). At every quintile,
urban spending exceeds rural spending, but the
difference is greatest in the highest quintile. Anurban
Indian spends about Rs 6,500 a month, which is 70%
more than the average person in rural India, who
spends little less than Rs 4,000 (Waghmare, 2025).

India continues to suffer from high levels of
income inequality in spite of its growing GDP. Over
the past three decades, private consumption
expenditure has been the primary force behind India's
economic expansion. This suggests that for India to
fully utilise the potential of its growing middle class,
income inequality must be carefully handled as it
plays a significant influence in the country's growth
trajectory. This is in line with the tendency for
consumption propensity to decrease as income rises,
meaning that lower income groups typically spend a
disproportionately larger portion of their income. The
economy's overall consumption expenditure is
further deflated by growing income inequality, which
reduces the share of lower income groups. In addition
to impeding growth, this forces lower-income groups
into a vicious cycle of poverty, both in terms of
wealth and income. The latter is brought on by
extremely low savings, which further complicates the
intertemporal smoothing of the consumption curve
and forces them into a state of perpetual debt. The
Household Consumption Expenditure Survey's
trends and estimations are used to confirm these
assertions and search for potential ways to halt the
cycle (Bardhan, 2024).

II.  Literature Review

Akita et al (1999) investigates how local
fiscal capacity influences citizens’ preferences for
redistribution in Indonesia. Using a nationally
representative survey and detailed fiscal data, the
authors explore whether people living in wealthier
districts with higher government revenues are
supportive of redistributive policies. Citizens in
fiscally strong areas may perceive less need for
central redistribution, believing local governments
are capable. Higher trust in local institutions
correlates with lower demand for national
redistribution. Redistributive policies must consider

local fiscal contexts to avoid mismatches between
public preferences and national strategies. While
fiscal decentralization can improve efficiency, it may
also dampen support for national-level redistribution,
especially in wealthier regions. Uneven fiscal
capacity across districts risks entrenching inequality
if redistributive preferences weaken in richer areas.

Wan and Zhou (2004) tried to identify the
fundamental determinants of income inequality in
rural China using a regression-based decomposition
approach, moving beyond conventional subgroup or
factor-based methods. All three methods of inequality
include Gini, Theil-L, Coefficient of Variation
showed a rising trend from 1995 to 2002. The value
of Gini coefficient rose from 0.467 in 1995 to 0.638
in 2002. Geography emerged as the most significant
factor influencing income inequality, while the
cropping pattern played a more substantial role in
shaping inequality compared to labour and human
capital inputs.

Aguiar and Bils (2011) attempts to consider
the question that has the sharp rise in income
inequality in the U.S. over the past three decades been
matched by a similar rise in consumption inequality.
The study reveals that consumption inequality rose
by 28%, nearly matching the 33% rise in income
inequality while using budget constraint method
which is calculated by subtracting saving from after
tax income. The other method used to calculate
consumption inequality using demand system
estimation uses expenditure elasticities of goods
(luxuries  vs. necessities) to correct for
mismeasurement. For this they employ a double-
differencing regression to isolate true consumption
inequality. Further, the study finds a 30-32% increase
in consumption inequality, aligning closely with
income trends.

Bigotta (2012) Their paper extends the
regression-based inequality decomposition methods
originally proposed by Shorrocks (1982) and Fields
(2003). It derives the asymptotic distribution of share
estimators, enabling inference through standard
errors. Education and household are the significant
contributor in both rural and urban India where
contribution of education is increased steadily across
all periods. While household size’s impact declined
in urban areas but rose in rural ones. Moreover,
employment status and regional factors gained
importance in rural inequality.

Pandey (2013) This paper provides a
comprehensive analysis of Uttar Pradesh’s economic
dynamics, focusing on growth patterns, structural
transformation, and regional disparities. It examines
sectoral contributions to Gross State Domestic
Product (GSDP), inter-district variations, and the role
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of public investment in development outcomes. The
study is framed within the context of India’s broader
economic reforms and decentralization, highlighting
how UP’s performance compares with other states
and what internal dynamics influence its uneven
development. The study finds education level of the
household contributing as the main determinant of
inequality and thus, suggested a push on government
expenditure on education primarily technical and
higher level of education in the state.

Novignon (2017) estimated the marginal
effect of household income components in total
income inequality in Ghana. The results found 1%
rise in farm income and remittances reduces
inequality by 0.044% (national) and 0.014%
respectively. While wage employment increases
inequality by 0.077% in Ghana. Further the farm
income, remittances, self-employment and rent
income had the most important reducing effect on
total income inequality in Ghana.

Cai et al. (2017) analyses the causes of
socioeconomic-related health inequality in China’s
urban and rural populations from 1991 to 2006 using
a novel decomposition method. Urban insurance
schemes (UEBMI, URMI) helped reduce inequality.
Rural scheme (NRCMS) worsened inequality due to
low coverage, high co-payments, and adverse
selection. Poor home environments and unhealthy
lifestyles contributed to rising inequality, especially
in rural areas. The variables like income and
secondary education have helped in reducing
inequality in the urban and rural area while the
tertiary education, work status and alcohol use
increases inequality in the rural and urban area.

Mookodi (2021) This study investigates the
sources and structure of consumption inequality in
Botswana by decomposing the Gini coefficient of
household consumer expenditures using the Lerman
and Yitzhaki (1985) method. The objective of this
paper aims to identify which expenditure categories
contribute most to overall inequality and how
demographic factors shape the distribution. Urban
households exhibit higher consumption inequality
than rural ones. Non-food items (especially housing
and transport) dominate the inequality structure. The
overall Gini coefficient for consumption is lower than
income-based Gini, but still indicates substantial
inequality. The targeting housing and transport
subsidies could reduce consumption inequality more
effectively than food programs. Inequality is
concentrated in urban centres, suggesting the need for
spatially differentiated interventions. Moreover,
rising inequality in education and health expenditures
points to future income inequality risks.

Priscilla (2022) found in their study that the
income from crops has inequality-reducing effect
across all states, while livestock has an inequality
reducing effect on some states. While the wages and
non-farm business income generally increases
inequality and the inequality measured using Theil
Index Decomposition found within states, districts
and land hold categories and not between them.

De and Devi (2023) examined the
regression-based inequality decomposition at the
household level in order to comprehend how
household characteristic contribute to the dynamics
of consumption inequality in urban areas of the state
Manipur. It also assesses the contribution of spatial
factors to total inequality using Lerman and Yitzhaki
Decomposition Method. The study finds the evidence
that households engaged as self-employed labourers
contribute the maximum to the total urban inequality
in 2004-2005 and that has been replaced by the
regular salary earner households in 2011-2012. Apart
from this the other factors such as higher educated
people, size of household and land ownership
contributed most in consumption inequality.

III. Methodology

There is no reliable income data at the
household level separately for the rural and urban
areas in India. The National Sample Survey
Organization (NSSO) started the quinquennial series
of all-India household surveys on consumer
expenditure and employment in 1972—1973. Further,
the expenditure data is considered in several studies
on inequality and poverty for its more reliability than
the income data in India (Deaton & Dreze, 2002;
Sarkar & Mehta, 2010; Bhalla, Bhasin and Virmani,
2022). The analysis here is based on the unit
(household) level consumption expenditure of NSS
Survey namely 68th Round (2011-2012) and HCES
2023-24. For the Regression-Based Inequality
Decomposition (RBID), only 68th round data and
HCES 2023-24 are considered by taking MPCE
(MRP) (Mixed Reference Period), as MRP-based
estimates capture the household consumption
expenditure of the poorer households on items of
low-frequency of purchase more satisfactorily than
URP-based MPCE.

Regression-Based Decomposition of Inequality
The regression-based decomposition method was
proposed in the early 1970s (Blinder, 1973; Oaxaca,
1973) but gained much attention later (Juhn et al.,
1993; Bourguignon et al., 2001; Wan & Zhou, 2005).
Wan (2002) provided a detailed account of
development of this technique. Here, the household
income (or log-income) is expressed as

DOI: 10.35629/6874-0604110123 | Impact Factor value 7.52 | ISO 9001: 2008 Certified Journal

Page 112



www.ijhssm.org

International Journal of Humanities Social Science and Management (IJHSSM)
Volume 6, Issue 4, Jul. — Aug., 2026, pp: 110-123

ISSN: 3048-6874

g

where, X is (n x k) matrix of explanatory variables
(including a constant), B is (k % 1) vector of co-
efficient, and € is a (n x 1) vector of error terms.
Given a vector of consistently estimated coefficients
b, income can be expressed as a sum of predicted
income and a pre diction error as

Y = Xb +€
Per capita income of the household is thus
represented as (Cowell and Fiorio, 2006).

M

= Z bmXi™ +€
=1

Again, inequality measures can be written as a
weighted sum of incomes (Shorrocks, 1982) i.e.,
n

10)= ) @Gy
i=1
where, ai is the weight for yi (the household income,
I), and y is the vector of household incomes.

Substituting (3) into (6) and dividing by I(y), the
share of inequality attributed to explanatory variable
m is obtained as.

Sm = bmzn:ai(y)xim/ Zn:ai(J’)yl'

= i=
Using regression coefficients, the income shares of
the explanatory variables can be computed as

— Zl 1x/
dm = bm DAY

Therefore, the marginal effect of the Gini index of
inequality of a uniform increase in an explanatory
variable m, can be computed as (S,, — a,, G(Y))
(Lerman & Yitzhaki, 1985).
Variables Selection
The regression model is written as

Yi=f(X, X Xn)
Ln (consumption) = f (age, gender, land, ......... s
dummy variable)

Dependent Variable | Codes

Log of average Monthly Per Capita Consumption Expenditure (MPCE)

Independent Variables

Social Groups General (Reference) 1
OBC 0
SC-ST 2

Land Total land possessed by person 1
Don’t possess 0

Household Size 0/5 1
Greater than 5 (Reference) 0

Gender Male 1
Female (Reference) 0

Education Level [lliterate (Reference) 1
Up to Primary 2
Up to Higher Secondary 3
Higher Education 4

Marital Status Married (Reference) 1
Unmarried 0

Land Ownership Yes 0
No (Reference) 1

Age Age of persons

Household Type Regular/Salaried (Reference) 1
Self-Employment 0
Casual 2

Economic Growth in Uttar Pradesh

This figure demonstrates the trend of per capita Net State Domestic Product for Uttar Pradesh and India
from 2011-12 to 2024-25. It provides comparative picture of growth in per capita NSDP for Uttar Pradesh with
respect to India. The per capita NSDP for India shows a consistent upward trend, with regression equation y =
3638.9x + 59060 and the value of R? is 0.94 which indicates a strong linear growth pattern over the study period.
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Figure-1: Per capita NSDP at constant price of Uttar Pradesh and India (2011-12 to 2024-25)

Trend of Per capita NSDP (Uttar Pradesh and India)
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Uttar Pradesh also exhibits the positive
growth but the growth rate is quite slower. The
regression equation y = 1564.4x + 30395 with R?
value 0.90, suggesting moderate progress with some
fluctuations. India’s higher slope coefficient 3638
confirms faster increase in per capita NSDP
nationwide as compared to lower slope coefficient of
Uttar Pradesh. The economy of Uttar Pradesh is
heavily reliant on agriculture and informal sector
these sectors are more vulnerable to shocks (Hashmi,
2024). Continuous growth trend has been seen for
both India and Uttar Pradesh but this has been
obstructed during 2020-21 due to the worldwide

pandemic Covid-19. The per capita NSDP of India
has declined from 94420 rupees in 2019-20 to 86034
rupees in 2020-21 and for U.P. is has declined from
44265 rupees in 2019-20 to 40959 rupees in 2020-21
and a downfall has been seen in the per capita NSDP
for both U.P. and India (Maheshwari & Sharma,
2022), however this downfall has been recovered in
the next two years with various government policies.
This comparison will be helpful in analysing the
ability and efficiency of state and nation as aggregate
determining of per capita NSDP for both national and
state level.
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Figure-2: Year wise Growth rate of Per capita NSDP (Uttar Pradesh and India)

Growth Rate per capita NSDP
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Source:

The graph shows the growth trends of per
capita Net State Domestic Product for India and Uttar
Pradesh from year 2012-13 to 2024-25, highlighting
both cyclical fluctuations and divergent patterns
across the time period. Both India and Uttar Pradesh
have experienced a clear decline in their growth rates
around 2020-21 because of the pandemic. Uttar
Pradesh faces infrastructural gaps and low industrial
diversification which limits its ability to deal with
such downturns (Dubey & Mishra , 2024). The per
capita NSDP has increased for both U.P. and India
from 2012-13 to 2016-17 with some fluctuations
during the period. From 2017 onwards this growth
rate has started to decline for both the state and
nation. The per capita NSDP for India has declined
from 6.88 percent in 2016-17 to 2.48 percent in 2019-
20 and became -8.88 percent in 2021 due to the effect
of the pandemic. After that a V-shaped recovery has
been observed during 2021-22 as India has followed
a remarkable growth path (Finance, 2022). At the

same time the growth of per capita NSDP for Uttar
Pradesh has also observed a declining phase. It has
declined from 10.47 percent in 2016-17 then became
stagnant around 1-2 percent during 2017-20 and
followed a decline of -7.47 percent in 2020-21,
however this was lesser than the downfall at national
level due to positive contribution of agriculture sector
(Statistics, 2021). After 2021 the economy of Uttar
Pradesh has returned to its previous track in very
short period of one year and performed better than the
previous years. The fall in the growth rate of per
capita NSDP of India was steeper but it also bounced
back quickly which shows that economy with mixed
characteristics  i.e. infrastructural efficiency,
diversified industrial base, reacts fast to these kinds
of shocks (Sharma, 2022). The growth rate of per
capita NSDP for Uttar Pradesh was steadier
throughout the time period which means it did not fall
as hard but the pace of recovery was also low for the
economy of Uttar Pradesh (Kumar, 2024).

Table-1: Percentage of Rural and Urban population in Uttar Pradesh and India

Uttar Pradesh India
Year Rural Urban Rural Urban
1951 86.35 13.65 82.71 17.29
1961 87.19 12.81 82.03 17.97
1971 86.1 13.9 80.09 19.91
1981 82.17 17.83 76.66 23.34
1991 80.32 19.68 743 25.7
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2001 79.22 20.78 72.19 27.81
2011 77.72 22.28 68.86 31.14

Source:

The above table presents the percentage share of rural
and urban population in Uttar Pradesh and India from
1951 to 2011 a time period of six decades. Being an
economy which is prone to agrarian activities, a
higher share of rural population is natural
demographic outcome as the data confirms the higher
proportion of residence living in rural areas (Chand,
Srivastava, & Singh, 2017). The table shows that
Uttar Pradesh has consistently maintained a higher
rural population share than the national average
across all censes years. While India urban population

Inequality in Uttar Pradesh

has rose from 17.29 percent in 1951 to 31.14 percent
in 2011, UP’s urban population share increased
modestly from 13.65 percent to 22.28 percent. The
slower pace of urbanisation in UP shows various
structural constraints and regional disparity in
industrial and infrastructural development (Kumar,
2024). Urbanisation is often linked to better
infrastructural facilities, better access to services,
higher productivity and economic diversification the
lower share of these facilities in various regions of
UP hinders the urbanisation.

Table-2: Regression-based inequality decomposition in Rural Uttar Pradesh: regression results for 2011-12 and
2023-24 NSS unit-level data of consumption expenditure

Dependent Variable: log MPCE
Variables 2011-12 2023-24
Coefficient Std. Error Coefficient Std. Error

Age 0.006*** 0.000 0.0004*** 0.000
Household size -0.227%** 0.000 -0.076%** 0.000
Land total possessed 0.000*** 0.000 0.026*** 0.000
Gender Reference: Female
Male -0.012%** 0.002 -0.004*** 0.001
Marital Status Reference: Others
Unmarried 0.038%** 0.003 -0.006%** 0.001
Household type Reference: Regular/Salaried
Self-Employment -0.125%** 0.003 -0.050%** 0.002
Casual -0.220%** 0.003 -0.119%** 0.002
Social Group Reference: Others
Scheduled Tribes -0.090*** 0.008 -(0.232%** 0.004
Scheduled Caste -0.264%** 0.002 -0.101%** 0.001
Other backward classes -(0.134%** 0.002 -0.046%** 0.001
Reference: Doesn’t own land
Land ownership -0.592%** 0.003 -0.002*** 0.001
Education Reference: Illiterate
Education2 0.098%*** 0.010 0.004*** 0.001
Education3 0.053%*:* 0.002 0.028%** 0.002
Education4 0.372%%* 0.003 0.068*** 0.001

cons 12.194%** 0.005 7.939% % 0.003

Source: Author’s estimation based on NSS and HCES unit level Data

The table presents the regression-based
inequality decomposition result of monthly per capita
consumption expenditure in Rural Uttar Pradesh for
NSS 68% round (2011-12) and 79" round 2023-24.
The coefficients reflect the marginal effects of each
variable on log monthly per capita consumption

expenditure. It is observed that age and total land
possessed has positive and significant effect on
monthly per capita consumption expenditure in rural
U.P. in both rounds and the coefficient value of land
possession has varied from 0.00 in 2011-12 to 0.026
in 2023-24 showing that now land holding has more
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effect on the consumption expenditure. It can be seen
through the table that household size has negative and
significant effect on the MPCE in rural U.P. in both
2011-12 and 2023-24 with coefficient value -0.227
and -0.076 respectively as the large household size
would lead to lower average MPCE as it represents
the large number of dependent children (Tripathi,
2016) and ( De & Dev, 2023). It shows that negative
effect has now been soften due to various reasons.
The data shows that male consumes lesser than the
female and their contribution has now been reduced
from -0.012 to -0.004 showing improved parity in the
society during the whole study period. Marital status
has positive significant impact on the MPCE in 2012-
13 while the contradictory results have been found in
2023-24 with coefficient value -0.006 which shows
changing consumption pattern in the society where
the MPCE of married person is higher than the
unmarried one. The MPCE of self-employed and
casual worker is respectively 0.125 and 0.22 less than
the MPCE of regular and salaried workers in 2011-12
this gap has been narrowed in 2023-24 with
coefficient values -0.050 and -0.119, it shows slightly
improved condition of both self-employed and casual

workers in 2023-24. The condition is same for social
categories as the MPCE of Scheduled tribes,
scheduled caste and other backward classes is lesser
than the MPCE of reference category ‘other’ for
scheduled caste and other backward classes the gap
has been narrowed while it has been broadened for
scheduled tribes. Various government schemes which
are targeted to these particular groups have led this
reduced margin among various social categories
(Minsitry of  Statistics on Programme
Implementation, 2023-24). The land ownership has
large negative significant coefficient (-0.592) for the
rural MPCE however it has reduced on 2023-24 as
the value has been decreased to -0.002 showing no
longer impact on the rural monthly per capita
consumption expenditure. The education plays a
significant role in the composition of consumption
expenditure as the education increases the MPCE of
that group also becomes higher as compared to the
previous one. The coefficient value of education has
remained positive for both the periods but their
margin has been declined over years which shows
that it has lesser impact on MPCE.

Urban UP

Table-3: Regression-based inequality decomposition in Urban Uttar Pradesh: regression results for 2011-12 and
2023-24 NSS unit-level data of consumption expenditure

Dependent Variable: log MPCE
Variables 2011-12 2023-24
Coefficient Std. Error Coefficient Std. Error

Age 0.007%** 0.000 0.001*** 0.000
Household size -(0.289%** 0.000 -0.117%*%* 0.000
Land total possessed 0.000*** 0.000 0.008*** 0.000
Gender Reference: Female
Male -0.000%*** 0.002 0.006%** 0.001
Marital Status Reference: Others
Unmarried 0.137%** 0.003 0.034%** 0.002
Household type Reference: Regular/Salaried
Self-Employment -(0.183%** 0.003 0.206%** 0.001
Casual -0.156%*** 0.003 0.208%** 0.002
Social Group Reference: Others
Scheduled Tribes -0.055%** 0.008 -(0.225%** 0.030
Scheduled Caste -(0.324%%* 0.002 -0.144%** 0.001
Other backward classes -0.265%** 0.002 -0.152%*** 0.002
Reference: Doesn’t own land
Land ownership -(0.385%** 0.003 -0.221 0.002
Education Reference: Illiterate
Education2 0.024%** 0.010 0.0459%** 0.001
Education3 0.183#** 0.002 0.102%** 0.001
Education4 0.746%** 0.003 0.327%** 0.002

cons 12.263%** 0.005 8.191%** 0.000

Source: Author’s estimation based on NSS and HCES unit level Data
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The table represents regression-based
decomposition of inequality in log of monthly per
capita consumption expenditure in urban Uttar
Pradesh for NSS 68" round (2011-12) and 79* round
(2023-24). The coefficients reflect the impact of
various characteristics on the composition of
inequality in the society. Age of the individual has
positive and significant effect on the MPCE for both
the periods 2011-12 and 2023-24 with coefficient
values 0.007 and 0.001 respectively. The lower
coefficient in 2023-24 shows that this association has
been weakened in the later period indicating lesser
importance of age as an explanatory variable,
describing its impact on log MPCE. The household
size has significantly negative impact on the MPCE
of urban U.P. however the coefficient value has been
reduced from -0.289 in 2011-12 to -0.117 in 2023-24
it suggests that the larger household spends more on
consumption expenditure as compared to the smaller
ones. The effect of land possessed has become more
substantial in 2023-24 (0.008) as compared to 2011-
12 (0.00), in the urban areas of U.P. land has become
important asset mostly due to appreciation of urban
land so the weightage has been increased in the
consumption layout(pattern). A shift from very small
negative coefficient in 2011-12 to a positive one in
2023-24 in gender-based contribution shows a small
but significant improvement, it also indicates that
male headed household are associated with higher
consumption expenditure than the female ones in the
urban areas of Uttar Pradesh. The coefficient for
unmarried is 0.137 unit higher than the married one
but this has declined to 0.034 in 2023-24 which
shows that the consumption expenditure in urban
areas of U.P. for both the married and unmarried is
quite similar now a days. A big shift has been seen in
self-employed households as their coefficient went
from strongly negative (-0.183) in 2011-12 to

strongly positive (0.206) in 2023-24, showing
improved conditions for self-employment and higher
returns to business households. The casual labour
households now show higher consumption
expenditure with increased coefficient value from -
0.156 to 0.298 in 2023-24, possibly due to wage
growth, urban job formalisation. The MPCE of
Scheduled tribe, scheduled caste and other backward
classes is 0.055, 0.324 and 0.265 lesser than the
reference category ‘other’ in 2011-12. However, the
MPCE of scheduled caste and other backward classes
has been improved in 2023-24 but the scheduled tribe
has worsened throughout the time period. The
negative coefficients for land ownership becomes
less extreme in 2023-24, which indicates that the
households who does not own land has higher MPCE
but the MPCE of the households with land owned has
also increased to some extent in 2023-24 with
coefficient value -0.221 from -0.385 in 2011-12.
Education has remained a key driver of higher
consumption in both periods. The effect of education
at primary level has slightly increased from 0.024 in
2011-12 to 0.045 in 2023-24, suggesting basic
education remains relevant for urban livelihoods.
However, the coefficients for both the secondary and
higher level has declined from 0.183 to 0.102 and
from 0.746 to 0.327 respectively in these two years.

Regression based Inequality Decomposition in
Uttar Pradesh

This table shows the decomposition anlysis of
inequality in log Monthly Per Capita Consumption
Expenditure (Impc) in rural areas of Uttar Pradesh in
2011-12. It has been observed that Age contributes
modestly to inequality, with a positive mean effect
and moderate dispersion (CV_f = 0.726). Older
individuals tend to have higher MPCE, but this
variation is not extreme.

Table-4: Regression-based Decomposition of Inequality in log of MPCE MRP for 2011-12 (Rural)

Decomposition 100*s f S f 100*m_f/m CV f CV_{/CV(total)
Residual 52.779 0.049 0.000 3.71e+14 3.88e+15
Age 3.975 0.003 1.530 0.726 9.018
Household Size Reference: 0-5

Size Above 5 39.604 0.031 5.143 0.954 11.860
Land total possessed 0.000%** 0.000 0.008*** 0.000

Gender Reference: Female

Male -0.000%*** 0.002 0.006%** 0.001

Marital Status Reference: Others

Unmarried 0.137%** 0.003 0.034%** 0.002

Household type Reference: Regular/Salaried

Self-Employment 0.158 0.000 -0.777 -0.776 -9.639
Casual 0.270 0.000 -0.703 -1.457 -18.110
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Social Group Reference: Others

Scheduled Tribes 0.006 0.000 -0.011 -9.025 -112.159
Scheduled Caste 0.890 0.001 -0.694 -1.670 -20.756
Other backward 0.204 0.000 -0.736 -0.907 -11.273
classes

Reference: Doesn’t own land

Land ownership 1.755 0.001 -5.777 -0.149 -1.852
Education Reference: Illiterate

Education2 0.004 0.000 0.005 14.061 174.745
Education3 -0.053 0.000 0.277 0.958 11.907
Education4 1.143 0.001 0.141 5.021 62.407
Total 100.000 0.081 100.000 0.081 1.000

Note: proportionate contribution of composite var f to inequality of Total,

s f=rho f*sd(f)/sd(Total). S f=s f*CV(Total).
m_f = mean(f). sd(f) = std.dev. of f. CV_f=sd(f)/m_f.

Total = Impc

Source: Author’s estimation based on NSS and HCES unit level Data

The household size is the largest contributor
to inequality and it contributes 39.60 percent in total
composition of inequality. These results are
consistent with (Tripathi, 2016). It indicates that
larger households are associated with lower MPCE
and are unequally distributed. Besides this,
household type also contributes in the inequality with
less than one percent, land ownership also contributes
in the composition of inequality with 1.75 percent.
The contribution of higher education is significant
with almost 1.14 percent indicating higher education

as a key driver of consumption inequality, while the
primary education has very low positive contribution
and secondary education has negative contribution in
composition of inequality. Land possession has
negative contribution of in total composition of
inequality in 2011-12 in rural areas of Uttar Pradesh.
Gender and social group positively contribute
towards the inequality in the society. Their positive
contribution shows that there in disparity in terms of
social groups as well.

Table-5: Regression-based inequality decomposition in Log of MPC for 2023-24 (Rural)

Decomposition 100*s f S f 100*m_f/m CV f CV_{/CV(total)
Residual 80.943 0.050 0.000 -6.15e+14 -1.00e+16
Age 0.192 0.000 0.161 0.663 10.785
Household Size Reference: 0-5

Size Above 5 14.941 0.009 -5.4717 -0.441 -7.173
Land total possessed 1.315 0.001 0.415 1.788 29.085
Gender Reference: Female

Male -0.003 0.000 -0.029 -0.967 -15.727
Marital Status Reference: Others

Unmarried 0.056 0.000 -0.040 -1.063 -17.293
Household type Reference: Regular/Salaried

Self-Employment -0.300 -0.000 -0.370 -0.908 -14.762
Casual 1.585 0.001 -0.473 -1.542 -25.083
Social Group Reference: Others

Scheduled Tribes 0.272 0.000 -0.040 -8.788 -142.916
Scheduled Caste 0.837 0.001 -0.356 -1.679 -27.301
Other backward -0.092 -0.000 -0.357 -0.871 -14.159
classes

Reference: Doesn’t own land

Land ownership 0.000 0.000 0.000
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Education Reference: Illiterate

Education2 -0.025 0.000 0.017 1.688 27.448
Education3 0.099 0.000 0.127 1.422 23.128
Education4 0.267 0.000 0.074 3.373 54.847
Total 100.000 0.061 100.000 0.061 1.000

Note: proportionate contribution of composite var f to inequality of Total,

s f=rho f*sd(f)/sd(Total). S f=s f*CV(Total).

m_f= mean(f). sd(f) = std.dev. of f. CV_f = sd(f)/m_f.

Total = Impc

Source: Author’s estimation based on NSS and HCES unit level Data

The table presents the estimated results of
decomposition analysis of inequality in log Monthly
Per Capita Consumption Expenditure (LMPCE) in
rural areas of Uttar Pradesh in 2023-24. Larger size
of households and land possession by the individuals
contributed respectively 14.94 percent and 1.31
percent to the total inequality of rural MPCE in 2023-
24. Age has minor contribution in MPCE in rural
areas. Besides this higher level of education and
social groups also contributes towards the inequality
in rural areas of U.P. in 2023-24, however their

contribution has decreased from 2011-12. It can be
seen through the table that the social groups,
scheduled caste and scheduled tribe has positive
contribution with less than one percentage while the
other backward classes contribute negatively (-0.092)
to the average MPCE in rural areas in 2023-24.
Regularly salaried and casual labour has negative
contribution with -0.3 and -0.09 respectively and the
hhtype...3 contributes 1.58 percent in average MPCE
in rural areas of Uttar Pradesh.

Table-6: Regression-based inequality decomposition in Log of MPC for 2011-12 (Urban)

Decomposition 100*s f S f 100*m_f/m CV f CV_{/CV(total)
Residual 42.131 0.030 0.000 8.6let+15 8.28¢e+16
Age 2.417 0.003 1.701 0.654 6.288
Household Size Reference: 0-5

Size Above 5 29.650 0.03 6.560 0.770 7.406
Land total possessed 0.089 0.000 0.136 5.294 50.910
Gender Reference: Female

Male 0.002 0.000 -0.002 -1.080 -10.385
Marital Status Reference: Others

Unmarried -0.878 -0.001 0.632 1.013 9.740
Household type Reference: Regular/Salaried

Self-Employment 2.320 0.002 -0.792 -1.078 -10.371
Casual -0.236 -0.000 -0.311 -1.918 -18.440
Social Group Reference: Others

Scheduled Tribes 0.006 0.000 -0.004 -11.932 -114.753
Scheduled Caste 1.085 0.001 -0.443 -2.418 -23.256
Other backward 2.487 0.003 -1.100 -1.119 -10.760
classes

Reference: Doesn’t own land

Land ownership 5.390 0.006 -2.879 -0.501 -4.817
Education Reference: Illiterate

Education2 -0.003 0.000 0.002 10.707 102.967
Education3 -0.689 -0.001 0.884 0.969 9.323
Education4 10.233 0.011 1.210 2.183 20.991
Total 100.000 0.104 100.000 0.104 1.000
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Note: proportionate contribution of composite var f to inequality of Total,

s f=rho f*sd(f)/sd(Total). S f=s f*CV(Total).
m_f= mean(f). sd(f) = std.dev. of f. CV_f=sd(f)/m_f.

Total = Impc

Source: Author’s estimation based on NSS and HCES unit level Data

The table presents the estimated results of
decomposition of inequality in average MPCE for the
urban people in 2011-12. Like the rural areas,
household size of the urban areas contributes the
maximum i.e. 29.65 percent in total inequality of
average MPCE. Other household characteristics like
persons earning regular salary, casual workers, land
possessed and land ownership are found contributing
2.32, -0.23, 0.08 and 5.39 respectively in the total
inequality of urban MPCE in 2011-12. Marital status
has negative contribution toward the total MPCE. In

urban areas of Uttar Pradesh social group has been
found as stable contributor in total inequality in 2011-
12. All the categories have their positive contribution
with scheduled caste contributing 0.006 percent,
scheduled tribe with 1.08 percent and backward class
with 2.47 percent. Lower education levels i.e.
primary and secondary level, show negative
contributions, suggesting that inequality is driven
more by tertiary education gaps than basic literacy
These results are consistent with (Kishan, 2018) and
(De & Dev, 2023)

Table-7: Regression-based inequality decomposition in Log of MPC for 2023-24 (Urban)

Decomposition 100*s f S f 100*m_{/m CV f CV_f/CV(total)
Residual 67.180 0.053 0.000 8.84e+14 1.11e+16
Age 0.659 0.001 0.534 0.607 7.637
Household Size Reference: 0-5

Size Above 5 20.057 0.016 -7.260 -0.458 -5.766
Land total possessed 0.047 0.000 0.030 3.098 38.988
Gender Reference: Female

Male 0.015 0.000 0.043 0.947 11.910
Marital Status Reference: Others

Unmarried -0.267 -0.000 0.193 1.115 14.027
Household type Reference: Regular/Salaried

Self-Employment 1.057 0.001 1.959 0.582 7.327
Casual 2.425 0.002 0.320 3.292 41.428
Social Group Reference: Others

Scheduled Tribes 0.072 0.000 -0.018 -12.555 -157.977
Scheduled Caste 0.693 0.001 -0.324 -2.160 -27.182
Other backward 1.811 0.001 -1.051 -0.921 -11.594
classes

Reference: Doesn’t own land

Land ownership 0.000 0.000 0.000

Education Reference: Illiterate

Education2 -0.399 -0.000 0.131 1.855 23.339
Education3 -0.084 -0.000 0.434 1.415 17.806
Education4 6.723 0.005 0.959 1.826 22.983
Total 100.000 0.080 100.000 0.080 1.000

Note: proportionate contribution of composite var f to inequality of Total,

s f=rho f*sd(f)/sd(Total). S f=s f*CV(Total).

m_f= mean(f). sd(f) = std.dev. of f. CV_f=sd(f)/m_f.

Total = Impc

Source: Author’s estimation based on NSS and HCES unit level Data

The table presents the estimated result for
decomposition of inequality in average MPCE for the

urban persons in 2023-24. Again, the variables that
contributes maximum to inequality is household size
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with 20.05 percent in average MPCE. However the
variables like, ownership of land, age and the
possession of land have very minor contribution in
the total inequality in MPCE in urban areas of Uttar
Pradesh. Similarly, the variable gender has also
become very less contributing factor for the
inequality. The person who is unmarried has negative
contribution in inequality in urban areas of Uttar
Pradesh. It can be seen through this table, the person
engaged in regular or salaried works contributes 1.05
percent, the person engaged in casual work have no
contribution towards inequality while the hh type4
has 2.42 percent total contribution in the average
MPCE in 2023-24. Comparing with the previous year
2011-12, education level shows the same results, as
the primary and secondary level education
contributes negatively while the higher education
contributes positively with 6.72 percent total
contribution towards inequality in average MPCE of
urban Uttar Pradesh. The results for social groups are
also quite similar with the previous year 2011-12, as
the households of scheduled caste and scheduled tribe
and Other backward classes all have positive
contribution with 0.07, 0.69, 1.81 percent
respectively.

IV.  Key Findings/ Conclusion

This work advances the regression-based
inequality decomposition techniques originally
developed by Shorrocks (1982) and Fields (2003). It
presents results for inequality in monthly per capita
consumption expenditure (MPCE) in rural and urban
Uttar Pradesh based on NSS unit-level data for 2011-
12 and 2023-24.In both rural and urban areas,
household size is the greatest contributor to MPCE
inequality (Tripathi, 2016). Although the negative
impact on MPCE has decreased over time, reflecting
some improvement, but the contribution of this
variable still explains the maximum share of
observed inequality. Individuals with higher levels of
education consistently show greater monthly per
capita expenditure (MPCE), though the strength of
this link has gradually weakened over time which
indicates that as educational opportunities become
more widespread, the economic advantage of each
additional level of education has slightly diminished.
In urban areas, higher education (edu4) has the
largest positive contribution to MPCE inequality,
while lower levels barely contribute to it. Land
becomes a slightly more important differentiator in
urban areas, likely due to appreciation in urban land
values. The gender coefficient was small and
negative but moved toward zero in rural areas by
2023-24 and turned slightly positive in urban areas,
pointing to diminishing gender gaps in consumption.

Over time, the disparity in monthly per capita
expenditure (MPCE) between Scheduled Castes and
Other Backward Classes and the 'Others' category has
gradually decreased across regions. In contrast,
Scheduled Tribes have experienced a growing gap,
indicating a deepening economic divide. In urban
areas, self-employed and casual workers changed
from negative to positive contributors to MPCE by
2023-24, indicating improved economic outcomes
while rural self-employed and casual workers also
saw their negative MPCE gap reduced. Social groups,
land, and gender disparities are narrowing but remain
relevant to understand the structure and persistence
of inequality in Uttar Pradesh. The findings point to
both progresses i.e. shrinking gender and caste gaps,
improved returns to non-salaried work, and reduced
disadvantages for the landless and the ongoing
challenges like persisting role of higher education
and household size in driving inequality.
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